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Introduction

* Thermodynamic modelling of isobaric ethanol (1) & heptane (2) and ethanol (1) & octane (2) data with the Non-Random Two-Liquid (NRTL) model.
* Uncertainties in model outputs arise from (1) experimental uncertainties and (2) regression uncertainties.

 Three modelling approaches investigated — choice of temperature in(dependent) parameters to calculate the binary interaction parameters (BIPs).
 Compare absolute average deviation in predicted temperature and vapour composition data (AAD).
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Conclusion

In the regression of model parameters in thermodynamic modelling, uncertainties in both the experimental data and regression elements should be
considered. Both sources of uncertainty are specific to the modelling approach used, the choice of regression elements, and are system-specific.
The parameter estimation has been shown to be more sensitive to the choice of initial guesses, although the objective function and experimental
uncertainties are also significant in the model outcomes.
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